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In recent years, satellite and unmanned aerial remote-sensing technology has
been well developed, and can be widely used in agricultural information investigation
and reporting, and even disaster survey operations. The number of remote-sensing
images has increased sharply, causing the speed of human identification to keep up
with the generation rate of remote-sensing images. Therefore, we need to use the
latest deep learning technology to assist in the rapid interpretation of aerial images of
spectral images. In order to achieve the above objectives, we propose two solutions.
First, we will develop a new deep learning model. This project proposes a CNN
model to automatically capture features of remote-sensing images and classify these
images. Second, we will develop a deep learning platform. In this platform, if the
recognition result is incorrect, the user can click the feedback button, and the system
will re-train the CNN model again. In addition, the system will provide automatic
annotation feature for remote-sensing images.



